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	Title: Development of Salary Predictions Models for the Information Technology Industry
General Comments from Reviewer: The article presents a well-structured and comprehensive study on developing salary prediction models for the IT industry using a wide range of machine learning and ensemble learning techniques. It effectively addresses a relevant real-world problem and demonstrates a thoughtful approach to data preprocessing, model evaluation, and overfitting prevention. The inclusion of both predictive performance and operational metrics like training time and explainability adds practical value. However, the manuscript would benefit from clearer descriptions of data sources, enhanced visual presentation of results, and deeper discussion of explainability methods and model limitations. With minor revisions, this work can make a valuable contribution to data-driven HR decision-making in the IT sector.
· The article covers a wide range of machine learning and ensemble learning techniques including Linear Regression, Ridge Regression, Random Forest, CatBoost, AdaBoost, SVM, Decision Trees, Voting, and Stacking.
· Multiple evaluation criteria (MAE, MAPE, R², training time, and explainability) are used, providing a well-rounded assessment of model performance beyond just accuracy. The study describes detailed preprocessing steps, including normalization, encoding, outlier handling, and feature selection, which are essential for model success.
· The methodology section is detailed and demonstrates a good understanding of machine learning and ensemble techniques. The feature engineering and preprocessing steps are adequately described. However, some technical details could be clarified: The origin and characteristics of the dataset need clearer explanation (real-world vs. synthetic, geographic scope, any ethical considerations). It would be helpful to specify the exact hyperparameter tuning process and validation approach in more depth. Consider clarifying how you ensured no data leakage during feature engineering.
· The results section includes appropriate performance metrics and clear comparison of models. The presentation of MAE, MAPE, R², training time, and explainability is valuable. However, the tables could be more reader-friendly by using consistent units and by highlighting the best and worst results more clearly. Consider adding confidence intervals or standard deviations if multiple runs were conducted.
· The discussion provides a good interpretation of the results but could benefit from deeper analysis. For example, why did certain models (e.g., RF) perform best? Why did SVM and AdaBoost underperform in this context? Also, consider linking findings to practical implications—e.g., how might an HR department use these models in real pay policy decisions? Additionally, more explicit mention of the trade-offs between accuracy and model interpretability would strengthen this section.
The article can be published after minor revision.



